48 6 Vol. 48  No. 6

2023 12 Sintering and Pelletizing Dec. 2023
1 1 1 1 1 2
(1. 410083; 2. 310027)
o N FeO N
; ; FeO ; ;
: TF046. 4; TP183 TA : 1000 - 8764(2023) 06 —0010 - 12

doi: 10. 13403 /j. sjqt. 2023. 06. 080

A review of detection methods of key parameters in sintering process

of iron and steel manufacturing
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Abstract: Iron ore sintering is an important pre-iron process in iron and steel manufacturing the main source of
concentrate for blast furnace ironmaking and the forefront of the implementation of the " double carbon" strategy in the iron
and steel industry. As the key parameters in the sintering process the sintering end point the compound moisture and the
FeO content intuitively reflect the working conditions energy consumption level and finished product quality of the whole
sintering process which are the key research objects of ondine detection in the sintering process. The research status of the
detection methods of such 3 key parameters is emphatically expounded the advantages disadvantages and applicability of
the existing detection methods are analyzed from the process mechanism and parameter characteristics the problems faced
by the detection of key parameters in the current sintering process are summarized and the future development trend is
prospected.
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Table 1 Comparison of sintering endpoint detection methods
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Table 3 Comparison of methods for detecting ferrous oxide content in the sintering process
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