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Research progress on intelligent control during sintering process

FAN Xiaohui HUANG Xiaoxian CHEN Xuling GAN Min JI Zhiyun SUN Zengqing
( Central South University a. School of Minerals Processing and Bioengineering; b. Engineering Research Center
of Ministry of Education on Carbon Emission Reduction for the Development and Utilization of Metal Resources

Changsha 410083 Hunan China)

Abstract: Sintering is one of the main processes during the iron and steel production process and intelligent sintering is
an important part of intelligent iron and steel manufacturing. The research progress on the intelligent control during the sin—
tering process in recent years is reviewed and the progress made in the intelligent control of sinter chemical composition
process state solid fuel consumption optimization control and key process parameter optimization are emphatically intro—
duced. At the same time the research direction on intelligent control during the sintering process is discussed from such
aspects as mathematical modeling process control and process parameter optimization.
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